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Before we do precisely these kinds of computations, let's
see the Central Limit Theorem in action.
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Now samples of size 3. (325500)
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Example 6. Suppose that the average price of a new car
purchase is $24145 with a standard deviation of $3615.
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Example 6. Suppose that the average price of a new car
purchase is $24145 with a standard deviation of $3615.
Suppose you take a survey of 1000 car purchases. What
IS the probability that the average over your survey Is over

$250007
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Example: Process Control

The Central Limit Theorem has many applications, since
sampling can be useful well beyond the realms of surveys
and opinion polls.

Imagine a manufacturing process for, say, ball bearings.
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So an entry above the upper control line should be a rare
event and should mean that we check our production
line to see if problems have developed.
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